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Problem description
Undesirable oscillations are detected in time-evolution of 3-parameters for  pigs is examined with respect to the observation number N. Finally, a

VarBC (Fig. 7). These B-updates occur despite the fact that there is no g background error constraint on B-parameters in (3) is proposed
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Summary

1) The main aspects of VarBC are investigated for LAM Aladin/CZ. We found out that most of polar satellites cross our model domain 2-3 hours before/after analysis time (Fig. 2) affecting
the observation error (Fig. 3) and a bias correction quality (Fig. 4). The satellite data measured less than £60 min (MHS, AMSU-B, I1ASI-H20) and £90 min (AMSU-A, IASI) around the
analysis times are used in our DA system.

2) The stratospheric-peaking channels of sensors AMSU-A (channels 11-13) and IASI (channels < 217) are blacklisted due to the sparse vertical resolution in LAM (Fig. 5 and 6). The
stratospheric predictor P, is rejected from VarBC because of its poor quality and collinearity with other predictors.

3) The VarBC scheme is adapted to avoid the observation sample problem in LAM. The new formulation of 3-parameters error is proposed in (4, 5) to control the adaptivity of VarBC. The
less adaptivity shows promising results in reducing the daily bias (Fig. 9b), however, the question regarding a prompt response of VarBC to a satellite bias remains unsolved.
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